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Evolving multicast tree based artificial fish swarm algorithm

MA Xuan, LIU Qing
(School of Automation and | nformation Engineering, Xi'an University of Technology, Xi’an 710048 China)

Abstract: An artificial fish swarm algorithm with two regions model was proposed. The agorithm used a multicast tree
formed by the predecessor orientation method to represent an artificial fish, and divided the search space into feasible re-
gion and infeasible region. The artificial fishes in the feasible region and the infeasible region were given different mov-
ing objectives, respectively. The behavior operator was designed to adaptively implement four behaviors of artificial fish.
Experimental results show that the proposed algorithm can effectively make use of the infeasible individuals and per-
forms better in searching least-cost multicast tree with delay constraint.
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Xaim-Construct_Tree(Graph G );
1 } While(Distance(X, Xaim)>Visual);
X'=Toward(X, Xaim);
2)
Switch
{
Casel: X
Int  Attempt = ATTEMPT,;
Bool Done =false;
Do{
1 Generate Xaim;
1(3.) If (f(XAim)<f(X))
1 {35.7.8} {X=Xaim:
5 Done=true; }
Else
1 1 1 # 2 3 6 6 Attempt- - ;
1 2 3 4 5 6 7 8 } While (Attempt >0& & (! Done));
2 If (! Done)

Break;
Case2: X
Int  Attempt = ATTEMPT;
Bool Done =falsg;
Do{
Generate Xaim;
If(Xaim )
{ X'=Xaim;
Done=true; }
1f(Xaim )
{

3.3.2
X >(Aim
X' X =Toward(X, Xaim)

Xaim X If (Xaim_Delay<X_Delay)

{ X'=Xaim;
Done=true; }
If(Xaim_Delay=X_Delay & &
f(Xaim)<f(X))
{ X =Xaim,
Done=true; }
}
If('Done)
Attempt- - ;
} While (Attempt >0&& (! Done));
If (! Done)
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Break;
}
3)
CFish Xwin;
Int ns=0; // X
For(int i=0; i<POPULATION- 1; i++)
If(Distance(X, X[i])< Visual)
{
XL <F(Xwmin))
Xwmin =X[1];
N ++;
}
If(n; ==0)
X.Prey();
Else
{ Switch
{
Casel: X Xumin
If (F(Xmin)-Ns <f(X)-d) //d
X =Toward(X, Xuin);
Else
X.Prey();
Break;
Case2: X » XMin
X.Prey();
Break;
Case3: X » XMin
X =Toward(X, Xuin);
Break;
Cased: X Xwmin
If (Xmin_Delay<X_Delay)
X =Toward(X, Xmin);
Else
X.Prey();
Break;
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